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Abstract— Aerial reconfigurable intelligent surface (ARIS)
system refers to a novel transmission scheme, in which an
RIS is mounted on aerial platforms, such as unmanned aerial
vehicles (UAVs), to achieve intelligent signal reflection over the
air. Compared to terrestrial RIS, ARIS extends the service area
and enables panoramic signal reflections. Benefiting from its
high altitude, the UAV is more likely to establish line-of-sight
(LoS) connections with ground nodes. However, implementing
ARIS systems is challenging. Owing to atmospheric turbulence
or propeller rotations, the UAV can experience random fluctu-
ations, which lead to misalignment of reflected signal phases.
In this letter, a three-dimensional (3D) ARIS-assisted channel
model is proposed, in which UAV fluctuations are described
by random processes. Statistics including temporal correlation
function (TCF), Doppler power spectral density (PSD), and
ergodic achievable rate are obtained. Results show that even for a
minor vibration, the UAV wobbling can introduce extra Doppler
frequency components, and significantly reduce the temporal
correlation and achievable rate of the ARIS-assisted channel
when systems operating at high frequency bands.

Index Terms— Reconfigurable intelligent surface, unmanned
aerial vehicle, UAV fluctuations, channel statistics, channel
models.

I. INTRODUCTION

RECONFIGURABLE intelligent surface (RIS) is a planar
array composed of numerous reflection units (RUs),

which can manipulate phases and/or amplitudes of incoming
waves to generate a virtual beam directed toward a specific
destination [1]. The programmable capability allows the RIS
to control wireless propagation environments. To facilitate
the system design and assess communication technologies, it
is imperative to construct channel models that can uncover
the fundamental channel properties [2], [3]. In [4], a three-
dimensional (3D) channel model for RIS-aided air-to-ground
(A2G) communications was developed by decomposing the
RIS-assisted channel into unmanned aerial vehicle (UAV)-
RIS and RIS-receiver (Rx) subchannels, where the latter was
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Fig. 1. Geometrical characteristics of the 3D channel model for
ARIS-assisted communication scenarios.

described by the ellipsoid model. A cluster-based RIS-aided
A2G model was presented in [5], in which the RIS was
modeled as a special single-bounce cluster with adjustable
phases. In typical vehicle-to-vehicle scenarios, the transmitter
(Tx) and Rx antennas are usually mounted at relatively low
heights and surrounded by numerous obstacles. The paths
between the Tx/Rx and terrestrial RIS can easily become
obstructed. To overcome this limitation, a practical solution
is to deploy the RIS on aircraft, such as UAVs, which is
called aerial reconfigurable intelligent surface (ARIS) [6],
[7]. Thanks to the high maneuverability of UAVs, they can
navigate to avoid obstacles and establish reliable line-of-sight
(LoS) connections with ground nodes. Additionally, ARIS can
effectively utilize the entire 3D space, in contrast to terrestrial
RIS, where the Tx and Rx are located on the same side
of the RIS. In [8], an ARIS channel model was presented
using a single cylinder model. The results showed that the
multipath fading and Doppler effects were alleviated by using
the adjustable reflection phases. In realistic scenarios, the
hovering UAV may experience random fluctuations due to
atmospheric turbulence. In [9], an A2G model was introduced,
focusing on the pitch angle of UAV rotation. In contrast, the
A2G model in [10] captured UAV vibration by modeling the
periodic changes in the UAV’s radial velocity. As far as we
know, none of the existing ARIS channel models takes the
UAV fluctuations into consideration, and the impacts of UAV
fluctuations on the ARIS channel behaviors are still unknown.

This letter presents a 3D ARIS-assisted channel model that
considers the large-scale and micro-scale mobilities of the
UAV, referring to the UAV flying in specific directions and
experiencing random fluctuations. Statistics of the model are
derived and the impacts of UAV fluctuations on those statistics
are investigated.

Fig. 1 shows a typical ARIS-assisted communication sce-
nario. The initial position of the Tx is selected as the origin
of the coordinates, and the initial location of the Rx is defined
as (εtr, 0, 0). It is assumed that the direct path from Tx to
Rx is blocked by obstructions [5]. To enhance the system
performance, an RIS comprising Kx columns and Ky rows
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Fig. 2. The procedure of generating the CIR of the proposed model.

of passive RUs is mounted on a UAV, whose initial position
is (xu, yu, Hu). The spacings between adjacent columns and
rows of the RUs are denoted by δx and δy , respectively.
In addition, the UAV moves with a speed of vu and travels
with an azimuth angle αu. Both the Tx and Rx are equipped
with single omnidirectional antennas. The Tx is moving with
the speed vt and travel azimuth angle αt, whereas the Rx is
moving with the speed vr and travel azimuth angle αr.

For convenience, we assume that the UAV and the RIS share
the same center. Thus, the initial distance between Tx and
RIS center is εt =

√
x2
u + y2

u +H2
u, and the initial distance

from RIS center to the Rx is εr =
√

(xu − εtr)2 + y2
u +H2

u.
In addition, ϕt and θt are the azimuth and elevation angles
of departure of the waves impinging on the RIS, respec-
tively, and are calculated as ϕt = atan2(yu, xu) and

θt = arctan
(

Hu√
x2
u+y2

u

)
, where atan2(·) is the four-quadrant

inverse tangent function. Similarly, φr = atan2(yu, xu − εtr)

and ϑr = arctan
(

Hu√
(xu−εtr)2+y2

u

)
are the azimuth and ele-

vation angles of arrival of waves reflected by RIS, respectively.
The procedure of generating the channel impulse response
(CIR) of the proposed model is shown in Fig. 2.

II. ARIS-ASSISTED CHANNEL MODEL

A. UAV Fluctuation Modeling

As shown in Fig. 1, the wobbling angles in horizontal and
vertical planes are measured by the yaw angle ζA(t) and pitch
angle ζE(t), respectively, which are modeled as

ζA(t) = ζA(t0) + ξA · sin(2πfwt) (1)
ζE(t) = ζE(t0) + ξE · sin(2πfwt) (2)

where t0 = 0 indicates the initial time instant, ξA(E) and fw
are independent random variables describing the amplitudes
and frequencies of wobbling angles, respectively, which follow
specific distributions [9].

B. Small-Scale Fading

The CIR of the ARIS-aided channel can be expressed as

h(t, τ) =
√
PL−1

RIS · hRIS(t, τ) +
√
PL−1

env · henv(t, τ) (3)

where PLRIS and PLenv are the pathloss of the Tx–RIS–Rx
and Tx–Rx subchannels, respectively. It is assumed that the
UAV can avoid obstacles and establish strong LoS paths to
the terrestrial nodes. Note that at millimeter wave (mmWave)
bands, LoS paths tend to be considerably stronger than non-
line-of-sight (NLoS) paths due to the severe pathloss and
significant penetration loss [11]. For simplicity, only LoS paths
between the UAV and ground nodes were taken into account.

The CIR of Tx–RIS–Rx subchannel that captures small-scale
fading is modeled as

hRIS(t, τ) =
K∑
k=1

Jke
j[ψk(t)+χtk(t)+χkr(t)] · δ(τ − τk) (4)

where K = Kx×Ky , Jk = 1√
K

and τk are the gain and delay
of the ray reflected by the kth RU, i.e., RUk, respectively.
Furthermore, ψk is the phase shift of RUk, χtk(t) = 2πεtk(t)

λ ,
χkr(t) = 2πεkr(t)

λ represents the phase shifts of the wave
due to the travel distances. Specifically, εtk(t) and εkr(t) are
time-varying distances of Tx–RUk and RUk–Rx, respectively,
λ = c/fc is the wavelength, fc is carrier frequency, c is the
speed of light. The delay is obtained as τk = εtk(t)+εkr(t)

c .
Proposition 1: The travel distances of Tx–RUk at time t

can be calculated as

εtk(t) ≈ εt(t) + ∆k · cos θt · [cos(αk − ϕt)
− sin(αk − ϕt) · ζA(t)] + ∆k · sin θt · ζE(t). (5)

Considering the short observation interval, the time-varying
distance from Tx to the RIS center is εt(t) ≈ εt +
vut cos θt cos(ϕt−αu)− vtt cos θt cos(ϕt−αt). Furthermore,
∆k denotes the distance between the RIS center and RUk,
and αk represents the angle between the x-axis and the line
connecting the RIS center and RUk in the xy plane, which are
respectively expressed as

∆k =
1
2

√
[(Kx − 2kx + 1)δx]

2 + [(Ky − 2ky + 1)δy]
2 (6)

αk = atan2 ((Ky − 2ky + 1)δy, (Kx − 2kx + 1)δx) (7)

where ky =
⌈
k
Kx

⌉
, kx = k− (ky− 1)Kx, and ⌈·⌉ denotes the

ceiling function.
Proof : The travel distances εtk(t) can be calculated as

εtk(t) =
√

(xtk(t))2 + (ytk(t))2 + (ztk(t))2 (8)

where

xtk(t)=εt(t) cosθt cosϕt+∆k cosζE(t) cos(ζA(t)+αk) (9)
ytk(t)=εt(t) cosθt sinϕt+∆kcosζE(t) sin(ζA(t)+αk) (10)
ztk(t) = εt(t) sin θt + ∆k sin ζE(t). (11)

By substituting (9)–(11) into (8), we have

εtk(t) = {ε2t (t) + 2εt(t)∆k[cos θt cos ζE(t)
× cos(αk − ϕt + ζA(t)) + sin θt sin ζE(t)]

+ (∆k cos ζE(t)(ζA(t) + αk))2 + (∆k cos ζE(t)

× sin(ζA(t) + αk))2 + (∆k sin ζE(t))2}1/2. (12)

Under the far-field condition, i.e., ∆k ≪ εt(t) and using the
approximation

√
1− x ≈ 1 − x

2 when x is small, (12) is
approximated as

εtk(t) ≈ εt(t) + ∆k cos θt cos ζE(t)[cos(αk − ϕt) cos ζA(t)
− sin(αk − ϕt) sin ζA(t)] + ∆k sin θt sin ζE(t).

(13)

Noting that max{ζE(t), ζA(t)} ≪ 1 rad, using the approx-
imation sin(ζE(A)(t)) ≈ ζE(A)(t), and cos(ζE(A)(t)) ≈ 1 ,
we can obtain (5). ■
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Proposition 2: The travel distances of RUk–Rx at time t
can be calculated as

εkr(t) ≈ εr(t) + ∆k · cosϑr · [cos(αk − φr)
− sin(αk − φr) · ζA(t)] + ∆k · sinϑr · ζE(t) (14)

where the time-varying distance from RIS center to the Rx is
εr(t) ≈ εr + vut cosϑr cos(φr − αu) − vrt cosϑr cos(φr −
αr). The proof follows a similar procedure to the proof of
Proposition 1 and is omitted due to limited space.

By substituting (5) and (14) into (4), after several mathe-
matical manipulations, the CIR is given as

hRIS(t, τ) =
K∑
k=1

Jke
jψk(t)ej

2π
λ (εt+εr)ej2π(νtut+νrut−νtt−νrt)

× ej
2π
λ ∆k[cos θt cos(αk−ϕt)+cosϑr cos(αk−φr)]

× ej
2π
λ [PkζA(t)+QkζE(t)] · δ(τ − τk) (15)

where Pk = −∆k[cos θt sin(αk − ϕt) + cosϑr sin(αk − φr)],
Qk = ∆k(sin θt+sinϑr). In addition, νt = vt

λ cos θt cos(ϕt−
αt) and νr = vr

λ cosϑr cos(φr − αr) are Doppler shifts
resulting from the movements of Tx and Rx, respectively.
Moreover, νtu = vu

λ cos θt cos(ϕt − αu) is Doppler shift
stemming from the moving UAV affecting the wave emitted
from the Tx, νru = vu

λ cosϑr cos(φr − αu) is Doppler shift
caused by the moving UAV affecting the waves impinging on
the Rx. It is clearly observed that the phases of hRIS stemming
from five components as follows
• ψk(t) is the phase shift induced from RUk.
• 2π

λ

(
εt+εr

)
is the phase shift caused by the travel distance

at initial time instant.
• 2π

λ ∆k

[
cos θt cos(αk − ϕt) + cosϑr cos(αk − φr)

]
is the

phase shift caused by the relative locations of different
RUs.

• 2π(νtut+ νrut− νtt− νrt) is the phase shift resulting
from large-scale mobilities of UAV and ground nodes.

• 2π
λ

[
PkζA(t) +QkζE(t)

]
is the phase shift caused by the

micro-scale mobilities of UAV, i.e., UAV fluctuations.
By defining θ̃(t) = 2π

λ

[
PkζA(t) + QkζE(t)

]
, the UAV

fluctuations introduce effective Doppler shifts, i.e.,

1
2π

dθ̃(t)
dt

=
2π
λ
fw · (ξAPk + ξEQk) · cos(2πfwt).

(16)

For the Tx-Rx subchannel, the CIR is depicted by the widely
used twin-cluster model as follows [12]

henv(t, τ) = lim
S1,S2→∞

S1∑
s1=1

S2∑
s2=1

Js1s2 · ejθs1s2

× ej
2π
λ [εs1s2−vtt cos θs1 cos(ϕs1−αt)]

× e−j
2π
λ vrt cosϑs2 cos(φs2−αr) · δ(τ − τs1s2)

(17)

where Js1s2 = 1√
S1S2

, S1 and S2 are the number of the first
and last bounces of scatterers, respectively, θs1s2 ∼ U [0, 2π),
τs1s2 and εs1s2 are the delay and travel distance of the ray via
the s1th and s2th scatterers, τs1s2 = εs1s2/c. Furthermore, θs1
and ϕs1 are elevation and azimuth angles of departure of the

ray impinging on the s1th scatterer, respectively, ϑs2 and φs2
are elevation and azimuth angles of arrival of the ray via the
s2th scatterer, respectively. The typical values of the model
parameters can be found in [12] and [13], which have been
validated by several measurements.

C. Large-Scale Fading

The pathloss of the channel via the RIS is obtained as [14]

PL−1
RIS =

δxδyλ
2

64π3

∣∣∣∣ K∑
k=1

e
−j{2π[εtk(t)+εkr(t)]+λψk(t)}

λ

εtk(t)εkr(t)

∣∣∣∣2. (18)

We assume that the RIS controller has the knowledge of
the trajectories of the UAV and ground nodes. Since the
UAV fluctuations are random and difficult to predict, the
RIS phases are optimized to maximize the received power
according to (18) based on the mean positions of each RU,
i.e., ψ′k(t) = − 2π

λ (εtk(t) + εkr(t))|ζA(t)=0,ζE(t)=0 . By substi-
tuting (5) and (14) into the aforementioned RIS phases, we can
obtain

ψ′k(t) = −2π
λ

[εt(t) + ∆k cos θt cos(αk − ϕt)

+ εr(t) + ∆k cosϑr cos(αk − φr)]. (19)

The final reflection phases are ψk(t) = mod(ψ′k(t), 2π).
By substituting (5), (14), and (19) into (18), and under the
far-field condition, we have

PL−1
RIS ≈

δxδyλ
2

64π3ε2t (t)ε2r(t)

∣∣∣∣ K∑
k=1

ej
2π
λ

[
PkζA(t)+QkζE(t)

]∣∣∣∣2. (20)

It is apparently that 2π
λ

[
PkζA(t) + QkζE(t)

]
represents the

misaligned phases resulting from the random fluctuations.
By setting ζA(t) = 0 and ζE(t) = 0, (20) reduces to
PL−1

RIS ≈
δxδyλ

2K2

64π3ε2t (t)ε
2
r(t)

, and is in consistency with the result
in [14]. Note that (18) is derived based on the free-space
pathloss model. However, for the Tx-Rx subchannel, NLoS
paths can propagate via physical objects. Therefore, we adopt
the close-in (CI) model as follows [11]

PL[dB]
env = 20log10(

4πfc
c

) + 10nPLElog10εtr (21)

where nPLE is the pathloss exponent. The pathloss is converted

into a linear scale as PLenv= 10
PL

[dB]
env

10 .

III. TEMPORAL CORRELATION FUNCTION

The TCF of the model is defined as ρ(∆t) = E{H(t, f) ·
H∗(t−∆t, f)}, where (·)∗ means the complex conjugate oper-
ation, E{·} is the expectation operation, H(t, f) is the channel
transfer function, i.e., H(t, f) =

∫∞
−∞ h(t, τ)e−j2πfτdτ , and

∆t represents time difference. Based on (3), TCF can be
calculated as

ρ(∆t) = PL−1
RIS · ρRIS(∆t) + PL−1

env · ρenv(∆t) (22)

where the TCF of Tx-RIS-Rx subchannel is calculated as

ρRIS(∆t)

= E
{ K∑
k=1

J2
ke
j(ψk(t)−ψk(t−∆t)) · ej2π∆t(νtu+νru−νt−νr)

Authorized licensed use limited to: Southeast University. Downloaded on July 12,2024 at 02:10:16 UTC from IEEE Xplore.  Restrictions apply. 



1602 IEEE COMMUNICATIONS LETTERS, VOL. 28, NO. 7, JULY 2024

× ej
2π
λ Pk(ζA(t)−ζA(t−∆t)) · ej 2π

λ Qk(ζE(t)−ζE(t−∆t))
}
.

(23)

Assuming that ξA∼U [−ζAm, ζAm) and ξE∼U [−ζEm, ζEm)
are independent random variables, where ζAm and ζEm define
the maximum wobbling angles in the azimuth and elevation
planes, respectively. Using E{ejtx} = exp(jtu)−exp(jtl)

(u−l)jt , where
x ∼ U [u, l], the TCF can be further expressed as

ρRIS(∆t) = J2
k

K∑
k=1

ej(ψk(t)−ψk(t−∆t))ej2π∆t(νtu+νru−νt−νr)

×
∫ ∞

−∞
sinc

(
2
λ
ζAm · Pk · T (t,∆t)

)
p(fw)d(fw)

×
∫ ∞

−∞
sinc

(
2
λ
ζEm ·Qk · T (t,∆t)

)
p(fw)d(fw)

(24)

where T (t,∆t) = sin(2πfwt)−sin(2πfw(t−∆t)), sinc(x) =
sin(πx)
πx is the sinc function, p(fw) is the probability density

function (PDF) of fw.
In the Tx-Rx subchannel, we use the von Mises PDFs to

describe the azimuth angles at Tx and Rx sides, and are defined
as [4]: p(ϕs1) = eκt cos(ϕs1−µt)

2πI0(κt)
and p(φs2) = eκr cos(φs2−µr)

2πI0(κr)
,

respectively, where I0(·) is the zeroth-order modified Bessel
function of the first kind. Besides, the cosine PDFs are used
to characterize the elevation angles at the Tx and Rx sides,
i.e., p(θs1) = π

4θm
cos(π2

θs1
θm

) and p(ϑs2) = π
4ϑm

cos(π2
ϑs2
ϑm

),
respectively, where θm and ϑm are maximum elevation angles.
The TCF of the Tx-Rx subchannel is calculated as

ρenv(∆t) =

ϑm∫
−ϑm

θm∫
−θm

π∫
−π

π∫
−π

e−j
2π
λ ∆tvt cos θs1 cos(ϕs1−αt)

× e−j
2π
λ ∆tvr cosϑs2 cos(φs2−αr)

× p(ϕs1)p(φs2)p(θs1)p(ϑs2)dϕs1dφs2dθs1dϑs2 .
(25)

Using the formula [15, eq. 3.338–4], (25) is calculated as

ρenv(∆t)

=

θm∫
−θm

π cos(πθs12θm
)

4θmI0(κt)
· I0

(√
A2
t (θs1) +B2

t (θs1)
)
dθs1

×
ϑm∫

−ϑm

π cos(πϑs22ϑm
)

4ϑmI0(κr)
· I0

(√
A2
r(ϑs2) +B2

r (ϑs2)
)
dϑs2

(26)

where

At(θs1) = κt cosµt − j2
π

λ
∆tvt cos θs1 cosαt (27)

Bt(θs1) = κt sinµt − j2
π

λ
∆tvt cos θs1 sinαt (28)

Ar(ϑs2) = κr cosµr − j2
π

λ
∆tvr cosϑs2 cosαr (29)

Br(ϑs2) = κr sinµr − j2
π

λ
∆tvr cosϑs2 sinαr. (30)

Fig. 3. The impacts of UAV vibrations on TCFs with different (a) amplitudes
and (b) frequencies of the vibration angles (ζAm = ζEm = 1◦ and
fc = 10 GHz).

Note that the integrand in (26) is an even function, and θs1
and ϑs2 are small angles, we use the Simpson’s 1/3 rule [16]
to solve the integrals in (26) as follows

ρenv(∆t)

≈ π2

36I0(κt)I0(κr)

×
[
1
2
I0

(√
A2
t (0)+B2

t (0)
)
+
√

2I0
(√

A2
t (
θm
2

)+B2
t (
θm
2

)
)]

×
[
1
2
I0

(√
A2
r(0)+B2

r (0)
)
+
√

2I0
(√

A2
r(
ϑm
2

)+B2
r (
ϑm
2

)
)]
.

(31)

IV. RESULTS AND DISCUSSIONS

In the simulations, the default model parameters are selected
as follows [4]: µt = 70◦, µr = 20◦, θm = ϑm = 10◦,
κt = κr = 20, αt = αr = αu = π/4, δx = δy = λ

2 , Kx =
Ky = 50, εtr = 200 m, fw ∼ U(5, 25) Hz [9]. The UAV is
traveling at a speed of 19 m/s, while both the Tx and Rx are
maintaining a speed of 18 m/s. In addition, the UAV is initially
positioned at (200, 90, 150) m. Fig. 3(a) illustrates the TCFs
of the model with different amplitudes of vibration angles and
carrier frequencies. By setting ζEm(Am) = 0◦, the channel
illustrates the highest TCF and behaves like a virtual LoS
path. In this case, the phases of signals reflected by the RIS
are accurately aligned by the tunable reflection phases, which
effectively mitigates the multipath effects. However, when the
UAV vibration is considered, the UAV location uncertainty
results in phase misalignment of the signals, leading to a
lower TCF. In addition, when the system operating at high
frequencies, e.g., 28 GHz, the TCF decorrelates faster, indi-
cating a shorter coherence time compared to those at 10 GHz.
This indicates that the ARIS is more susceptible to the UAV
vibrations for high frequency bands. Under the same degree
of vibration, the TCF generated using the fluctuation model
in [9] illustrates a relatively high value. This is attributed to the
fact that in [9], only pitch angle fluctuation was considered.
In addition, Fig. 3(b) investigates the impacts of vibration
frequencies on channel TCF with different reflection phase
configurations. As the vibration frequencies increase, the chan-
nel decorrelates faster. Under the same vibration conditions,
the channels with continuous and 4-bit discrete reflection
phases behave similarly in TCF. However, the TCF with 2-
bit discrete reflection phases reduces significantly compared
to the continuous one due to the increased quantization errors.
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Fig. 4. The impacts of UAV fluctuations on Doppler PSDs with different
yaw and/or pitch angles.

Fig. 5. The impacts of UAV fluctuations on the achievable rates of the
ARIS system with (a) different carrier frequencies, RU numbers, and (b) UAV
altitudes.

Fig. 4(a) shows the impacts of UAV fluctuations on Doppler
PSDs at fc = 28 GHz, which is obtained as S(ν) =∫∞
−∞ ρ(∆t)e−j2πν∆td(∆t). The UAV fluctuations introduce

extra Doppler frequency components and broaden the Doppler
PSD range. Larger vibration angles imply the UAV fluctuates
severely, which results in larger Doppler spreads. Although
the optimized reflection phases presented in [5] effectively
mitigate multipath fading, they are unable to offset the rapid
phase variations induced by Doppler frequencies. Fig. 4(b)
reveals that the pitch angle has a more pronounced effect
on Doppler PSDs compared to the yaw angle when Hu =
150 m. The Doppler PSD illustrates a widest range when the
UAV experiences vibrations simultaneously in horizontal and
vertical directions.

Fig. 5 shows the ergodic achievable rate of the ARIS system,
which is obtained as C = E{log2(1+ρ)}, where ρ = |h(t)|2Pt

PN
is the received instantaneous signal-to-noise ratio, Pt and PN
are transmit and noise powers, respectively, where PN =
−100 dBm [17]. As is shown in Fig. 5(a), the UAV fluctuation
degrades the achievable rate performance due to the phase
imperfection. A more noticeable degradation is observed when
the carrier frequency increases. Note that the degradation in
achievable rate can be compensated by adopting a larger RIS.
An interesting observation is presented in Fig. 5(b). When
the UAV hovers at a low altitude (relative to the horizontal
distance of Tx-Rx), the yaw angle plays a more significant
role in reducing the achievable data rate compared to the pitch
angle. Conversely, when the UAV operates at a relatively high
altitude, the pitch angle becomes more influential. The models,
e.g., [4], which do not consider the UAV fluctuations and
neglect the severe product-distance pathloss, may overestimate
the system achievable rate.

V. CONCLUSION

In this letter, we have proposed a 3D ARIS channel model
considering large-scale and small-scale fading with random

UAV vibrations. We have shown that the UAV vibrations
can decrease the temporal correlation of the RIS-assisted
channel and introduce extra Doppler frequencies, and hence
enlarge Doppler spread. Besides, the UAV vibrations lead to
a degradation in achievable rates of ARIS systems. We have
shown that the effects of yaw angle and pitch angle on the
achievable rates vary when the UAV flies at different altitudes.
Even for small UAV fluctuations, ARIS channel characteristics
can be greatly impacted, especially for the system at high
frequency bands. For future research, more advanced methods
for optimizing RIS phase shifts will be investigated through
the development of UAV vibration forecasting techniques.
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